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Brain-computer	 interface	 (BCI)	 is	 a	 potential	 tool	 for	 rehabilitation	 and	 communication.	 Most	 of	 the	 BCI	
experiments	 relies	 on	 the	 electroencephalography	 (EEG).	 Despite	 its	 clinical	 applications,	 BCI	 faces	 to	 both	
engineering	 and	user-oriented	 challenges	 to	 improve	 its	 spreading.	 In	 this	work,	we	assess	 the	possibility	of	












via	 an	 attributed	 weight	 computed	 from	 the	 associated	 posterior	 probability.	 To	 compare	 classification	
performances	between	the	fusion	and	the	single-modality	approach,	the	classification	accuracy	was	estimated	
with	the	area	under	the	curve	(AUC).	
Significant	 changes	 of	 event-related	 de/synchronization	 appeared	 in	 alpha	 and	 beta	 band	 in	 all	 modalities.	
Results	show	that	modality	significantly	affects	the	classification	performance	(ANOVA,	p<0.001).	Averages	of	









Significance:	 The	 proposed	 fusion	 method	 led,	 in	 a	 large	 majority	 of	 subjects,	 to	 a	 reduction	 in	 the	
subjects'	mental	state	misclassifications.	Our	weighting	approach	enabled	to	adapt	the	modality	choice	according	
to	the	subject	and	the	session.	Current	searches	focused	on	MEG	sensors	miniaturization	will	probably	enable	a	
larger	diffusion	of	the	integration	of	M/EEG	features	to	further	enhance	BCIs	performances.	
	
